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reconstruction as a (reverse) human mesh
diffusion process to obtain denoised mesh
distribution Hy from a Gaussian noise distribution
H,. via our HMDIff framework.

To simplify the task of monocular HMR, we
propose to estimate the posterior to guide the
initial stages of the diffusion process.
Specifically, we align the initial mesh distribution
towards an extracted prior pose distribution via
our proposed Distribution Alignment Technigue
(DAT).

we progressively denoise the input distribution Hg Into the target H,.

DAT (Distribution Alignment Technique):

Firstly, we extract and use a prior distribution U that strongly correlates to H,.
Our prior distribution U Is an extracted pose heatmap which contains rich
semantic and uncertainty information.

At the k-th step, we compute a Distribution Alignment Gradient using U which
guides us to align samples h;, such that after k diffusion steps, the
prediction hy is pulled closer to U (and the target H,), in a way that does not
disrupt the diffusion process.

We also introduce an Activation Strategy for DAT, which deactivates DAT
when H, converges to a more compact and high-quality distribution.
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